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Abstract

Sev eral researc h pro jects around the w orld

are building grammati cally analysed cor-

p ora; that is, collections of text annotated

with part-of-sp eec h w ordtags and syn tax

trees. Ho w ev er, pro jects ha v e used quite

di�eren t w ordtagging and parsing sc hemes.

Dev elop ers of corp ora adhere to a v ariet y

of comp eting mo dels or theories of gram-

mar and parsing, with the e�ect of restrict-

ing the accessibilit y of their resp ectiv e cor-

p ora, and the p oten tial for collation in to a

single fully parsed corpus. In view of this

heterogeneit y , w e ha v e b egun to in v esti-

gate and dev elop metho ds of automatically

mapping b et w een the annotation sc hemes

of the most widely kno wn corp ora, th us

assessing their di�erences and impro ving

their reusabilit y . Annotating a single cor-

pus with the di�eren t sc hemes allo ws for

comparisons and will pro vide a ric h test-

b ed for automatic parsers. Collation of all

the included corp ora in to a single large an-

notated corpus will pro vide a more detailed

language mo del to b e dev elop ed for tasks

suc h as sp eec h and handwriting recogni-

tion. This pap er fo cuses on metho ds of

dev eloping mappings b et w een tagsets and,

in particular, the metho d of automatic ex-

traction of mappings from corp ora tagged

with more than one annotation sc heme.

1 In tro duction

Man y , div erse tagged and parsed corp ora ha v e b een

dev elop ed. Amongst the applications of annotated

corp ora are as training sets for the extraction of

mo dels used in sp eec h and handwriting recognition.

Suc h training sets need to b e as large as p ossible and

there is anecdotal evidence that ev en the largest on

its o wn is to o small for a general statistical mo del

of higher-lev el syn tactic structure. As annotating

corp ora using hand-crafted markup or some semi-

automated pro cess follo w ed b y correction b y linguis-

tic exp erts is slo w and exp ensiv e (Bark ema 93; Leec h

and Garside 91) it w ould b e preferable if some other

metho d of building a large annotated corpus could

b e found. Existing corp ora w ere not designed to

a sp eci�c framew ork of annotations so corp ora can

not easily b e collated in to a single large training

set. The AMALGAM (automatic mapping among

lexico-gramm ati cal annotation mo dels) pro ject w as

set up to researc h w a ys of mapping b et w een anno-

tation sc hemes in order to increase the size of cor-

pus tagged with the sc hemes included in the pro ject

(A t w ell et al 94a; A t w ell et al 94b).

W e are dev eloping a m ulti-tagged corpus and a

m ulti-treebank, a single text-set annotated with all

the tagging and parsing sc hemes w e include in the

mappings. The text-set is the Sp ok en English Cor-

pus (SEC); whic h is already annotated with t w o

syn tax sc hemes. Ho w ev er, the main deliv erable to

the computational linguistics researc h comm unit y is

not the SEC-based m ulti-treebank, but its asso ci-

ated suite of mappings - this can b e used to com bine

curren tly-incompatible syn tactic training sets in to a

large uni�ed corpus. Our dev elopmen t of the map-

ping algorithms aims to distinguish notational from

substan tiv e di�erences in the annotation sc hemes,

and w e will b e able to ev aluate tagging sc hemes in

terms of ho w w ell they �t standard statistical lan-

guage mo dels suc h as n-p os (Mark o v) mo dels.

Although the ab o v e description assumes mapping

b et w een tagsets from monolingual corp ora w e b e-

liev e the issues extend to m ultili ngual tagsets. The

tagsets of t w o languages usually di�er in the fea-

tures they co v er. F or example F renc h ma y ha v e tags

to discriminate gender whereas English do es not.

Ho w ev er, tagsets of English do not necessarily m u-

tually co v er all features. F or instance, the British

comp onen t of the In ternational Corpus of English

(Green baum 93) has a tagging sc heme that accoun ts

for transitivit y of v erbs whereas the Lancaster/Oslo

Bergen corpus (Johansson et al 86) do es not (nor

do the EA GLES prop osals - see b elo w). W e b eliev e

that our metho ds are scalable to mappings b et w een

m ultili ngual tagsets.



2 Related Researc h

Corpus-trained statistical language learning tec h-

niques ha v e b een successfully applied to a range

of problems in computational linguistics, including

part-of-sp eec h w ordtagging (Leec h et al 83; A t w ell

83; A t w ell 87a), w ord sense disam biguation and tag-

ging (Demetriou and A t w ell 93; Gale et al 92), learn-

ing w ord classes (A t w ell 87b; A t w ell and Drak os 87;

Hughes and A t w ell 93; Hughes and A t w ell 94), gram-

mar mo delling and induction (A t w ell 88b; Lari and

Y oung 90; Carroll and Charniak 92; A t w ell 92; Brill

et al 92; A t w ell 93; Jost and A t w ell 94), grammatical

error detection (A t w ell 88a; A t w ell 90), probabilistic

parsing (Sampson et al 89; Souter and O'Donogh ue

91; Magerman and Marcus 91; Souter and A t w ell

92; A t w ell et al 91; Brisco e and W aegner 92; Blac k

et al 93). P articularly relev an t to AMALGAM is

the recen t researc h in terest in Mac hine T ranslation

using statistical learning tec hniques for mapping-

extraction from parallel corp ora (Bro wn et al 90;

Bro wn et al 92; Chen et al 91; W u and Xia 94).

3 Obtaining Resources

As a dev elopmen t and testing resource, w e are using

the text of the Lancaster-IBM Sp ok en English Cor-

pus (SEC) (T a ylor and Kno wles 88). The SEC is a

collection of recordings of radio broadcasts with ac-

compan ying annotated transcriptions, collected b y

Lancaster Univ ersit y and IBM UK as a general re-

searc h resource. The SEC is a v ailable from the In-

ternational Computer Arc hiv e of Mo dern English

(ICAME) based at the Norw egian Computing Cen-

tre for the Humanities (in Bergen, Norw a y). The

corpus exists in sev eral forms and annotations: the

digitised acoustic w a v eform; the graphemic tran-

scription annotated with proso dic markings; and

a part-of-sp eec h analysis that w as annotated semi-

automatically with the aid of CLA WS (A t w ell 83;

Leec h et al 83) as used for the LOB corpus. Sk ele-

tal parsing has b een added to create the SEC T ree-

bank, and this forms a subset of the Lancaster-IBM

T reebank. Gerry Kno wles (Lancaster) and P eter

Roac h (Reading, formerly of Leeds) collab orated in

an ESR C-funded pro ject, MARSEC, to set up a

time-aligned database of recorded sp eec h, accom-

panied b y phonetic and graphemic transcriptions

(Kno wles 93). Our prop osal will pro duce, as a side-

e�ect, sev eral alternativ e tagged and parsed v ersions

of the SEC whic h will b e made a v ailable to the SEC

database pro ject collab orators. It will also b e able to

act as a test-b ed for the comparison and ev aluation

of parsing sc hemes.

Obtaining resources pro v ed to b e a stum bling

blo c k. Whilst most of the p eople in c harge of cor-

pus annotation and distribution are helpful they are

also usually v ery busy! Sometimes there are reserv a-

tions ab out distribution of resources. F or example,

the corpus could ha v e cop yrigh t restrictions or could

b e collected for dictionary compilation. Ho w ev er,

w e ha v e obtained the follo wing corp ora in tagged or

parsed form along with man uals de�ning the syn tac-

tic annotation sc hemes: Bro wn (F rancis and Ku � cera

79), LOB (A t w ell 82; A t w ell et al 84; Johansson et

al 86), London-Lund (Sv artvik 90), P olytec hnic of

W ales (Souter 89; F a w cett and P erkins 80) and will

apply for the British National Corpus as so on as it

b ecomes a v ailable. W e also ha v e the soft w are used

for annotating the Univ ersit y of P ennsylv ania corpus

(Brill and Marcus 92; Marcus and San torini 92) and

the In ternational Corpus of English (Green baum 93;

Bark ema 93).

The follo wing table summarises the resources w e

ha v e for the six main corp ora w e ha v e included in the

pro ject so far. The �rst column rev eals if w e ha v e the

corpus itself: w e ha v e all but the In ternational Cor-

pus of English. The next column indicates if w e ha v e

the soft w are that w as used in the automated part of

annotating of the corpus. The next column sho ws for

whic h corp ora w e ha v e do cumen tation giving formal

descriptions of the annotation guidelines. The last

column marks the London-Lund and Bro wn corpus

with a `1' to indicate that w e ha v e a small sample

of corpus annotated using b oth these sc hemes. The

`2' mark er in this column indicates the P arallel An-

notated Corpus that w e are building at the mom en t

b y adding the In ternational Ccorpus English (GB)

annotation to the Sp ok en English Corpus.

T able 1: Summary of Resources

Do w e ha v e:

Corp ora corp soft do c P A C

Bro wn � �

1

ICE � � �

2

LOB � � �

London-Lund � �

1

PO W �

SEC � � � �

2

4 Deriving T agset Mappings

When w e b egan the AMALGAM pro ject w e an tici-

pated that the follo wing pro cess w ould b e the normal

w a y that an annotation sc heme w as included in our

`mapping suite':

1. Dev elop the most accurate mapping b et w een

the new sc heme and one of the sc hemes already

in the mapping suite. Only one pair need to b e

mapp ed explicitly as the other mappings can b e

generated from in termediaries via an `in terlin-

gua' approac h (A t w ell et al 94b).

2. Annotate the Sp ok en English Corpus using the

mapping.

3. Correct the mapp ed annotation, preferably us-

ing advice from the p eople resp onsible for the



annotation sc heme.

The unev en spread of resources means that alter-

nativ e mapping strategies m ust b e adopted when in-

cluding eac h annotation sc heme (see table 1). As w e

ha v e the soft w are used to tag and parse the In ter-

national Corpus of English w e can incorp orate that

in to the mapping. Go o d formal descriptions of the

annotation sc heme (suc h as for LOB) can b e used

to craft some rules b y hand. Where the do cumen ta-

tion is sparse rules can b e extracted from the corpus

itself.

W e require a metho d to ev aluate the alternativ e

mapping strategies: A simple ev aluation can b e ac-

complished b y tagging the un tagged SEC using one

annotation sc heme (the evaluation sc heme) b y the

tried and tested metho d of automatic annotation fol-

lo w ed b y hand correction. T o test a mapping strat-

egy one w ould apply the mapping from the ev al-

uation sc heme tags to pro duce those of the SEC.

The success of the mapping w ould b e determined

b y measuring the di�erence b et w een this annotation

and the original SEC (CLA WS tagged) annotation

pro duced b y Lancaster.

The P arallel Annotated Corpus (P A C) created

when a (non-CLA WS) ev aluation sc heme is used

to tag the Sp ok en English Corpus in this w a y it-

self pro vides further p ossibilities for dev eloping map-

ping strategies. The P A C ma y in trinsically enco de

mapping information that w ould not b e unco v ered

from other mapping strategies. Extracting a map-

ping from a P A C is computationally trivial; the dif-

�cult y is annotating an existing corpus with a new

sc heme. Ho w ev er, P A Cs already exist for pairs of

annotation sc heme and this pro vides an easy w a y to

extract mapping information. This is particularly

true when the annotation sc heme of one corpus is re-

placed b y another. Initially this w ould b e done using

the automatic annotator of the new sc heme follo w ed

b y hand-correction b y linguistic exp erts. Ho w ev er,

the addition of the new sc heme to part of the cor-

pus creates a P A C from whic h a mapping can b e de-

riv ed. The mapping could b e used to up date the p er-

formance of the automatic annotator. A pro cess of

re�nemen t of the automatic annotator b y feedbac k

deriv ed from the mapping w ould b e established.

This pap er fo cuses on deriving tagset mappings

from P A Cs as w e are curren tly in the phase of

our pro ject where w e are concen trating on parts-of-

sp eec h annotation. Ho w ev er, w e an ticipate that the

metho d will b e ev en more useful when dealing with

mapping b et w een parse trees.

5 Extraction of Corresp ondences

from P arallel Annotated Corp ora

Although a few P A Cs already exist only a few tagset

pairings are co v ered. Often a corpus is annotated

with a sc heme that the designers feel can b e im-

pro v ed so they annotate the same texts with the up-

dated sc heme. This automatically results in a P A C

b eing formed. An example P A C comprises a few sec-

tions of the Bro wn corpus that w ere annotated b y

additional London-Lund markup (Eeg-Olofsson 91).

A further example is the Nijmegen Corpus whic h w as

originally annotated with CCPP annotation (Keulen

86) but later replaced with the sc heme used to an-

notate the British comp onen t of the In ternational

Corpus of English (Green baum 93). Although the

Nijmegen TOSCA team no w view the CCPP sc heme

as largely obsolete it is still a useful resource for

mapping extraction as the P A C is 130,000 w ords in

length. This pro vides a large sample from whic h to

ev aluate alternativ e mapping strategies.

T o use the metho d of deriving mappings from

P A Cs it is inevitable that some traditional tagging

is required to build the parallel corpus. As an exam-

ple of the pro cess of extracting corresp ondences from

P A Cs w e shall use the example of the SEC-ICE cor-

pus. As a P A C do es not exist for this pair of tagsets

w e had to build our o wn. As w e aimed to pro duce

the m ultitagged corpus out of the texts of the Sp o-

k en English Corpus it made sense to annotate the

Sp ok en English Corpus with ICE tags.

W e emplo y ed an exp erienced annotator of cor-

p ora, Tim Willis, to learn the ICE annotation

sc heme and apply it to the Sp ok en English Cor-

pus b y editing the automatic output of the Nijmegen

parser whic h w as designed to annotate ICE-GB ma-

terial. F or the momen t w e are concen trating on de-

riving mappings b et w een tagged annotation but it

w as felt more cost e�ectiv e to parse and tag the Sp o-

k en English Corpus no w as our pro ject will ev en tu-

ally include parse mappings.

The output from the Nijmegen parser (Bark ema

93) needs to b e aligned with the markup in the Sp o-

k en English Corpus. Problems are caused b y the

taggers segmen ting text b y di�eren t metho ds. Some

taggers con v ert w ords not normally capitalised in to

lo w ercase, but not all do. This causes problems try-

ing to matc h the w ords again once annotation has

tak en place. The Sp ok en English Corpus has sen-

tence b oundaries after full stops, exclamation marks

and question marks whereas the Nijmegen parser

additionally delimits text separated b y colons and

semicolons. The Nijmegen parser and The Sp ok en

English Corpus tagging sc heme deal with enclitics in

a similar manner; a w ord lik e who's b eing split in to

the separate items who and 's . Other sc hemes ma y

lea v e suc h w ords as they are. T o b e aligned with

the Sp ok en English Corpus w ould require the w ord

and its corresp onding tag to to b e split. On the

other hand, a prop er noun suc h as New Y ork ma y

b e assigned a single tag and treated as a single item

rather than ha ving the t w o w ords treated individu-

ally as in the Sp ok en English Corpus. The Nijmegen

parser do es this when pro ducing parsed output but

not when pro ducing tagged output. Some parsers

alter the text they annotate; again making the align-



men t pro cess more di�cult. A common practice is

the remo v al of capital letters from w ords that w ould

not normally ha v e them w ere they not starting a

sen tence. W orse, the item ma y b e transformed al-

together. A semicolon found in the input to the Ni-

jmegen parser is transformed in to the string &semi;

as the semicolon on its o wn w ould b e mistak en for

an SGML mark er (Burnard 91). Suc h issues mak e

alignmen t a non-trivial task.

( (

In IN

Perspective NP

) )

( (

Rosemary NP

Hill NP

( )

----- ---

good JJ FRM:1/2

morning NN FRM:2/2

. . PUNC(per)

----- --- -----

more AP PRON(quant)

news NN N(com,sing)

about IN PREP(ge)

the ATI ART(def)

Reverend NPT N(prop,sing):1/4

Sun NP N(prop,sing):2/4

Myung NP N(prop,sing):3/4

Moon NP N(prop,sing):4/4

, , *PUNC(com)

founder NN N(com,sing)

of IN PREP(ge)

the ATI ART(def)

Unification NNP N(prop,sing):1/2

church NN N(prop,sing):2/2

, , *PUNC(com)

who WP PRON(rel)

's BEZ V(cop,pres,encl)

currently RB ADV(ge)

in IN PREP(ge)

jail NN N(com,sing)

for IN PREP(ge)

tax NN N(com,sing):1/2

evasion NN N(com,sing):2/2

Figure 1: Alignment of SEC and ICE

T o align texts annotated b y t w o sc hemes w e used

a metho d w e term island driven alignment . The `is-

lands' are the singletons found to b e presen t in the

output of b oth sc hemes. The p osition of these items

can easily b e aligned. The w ords next to the islands

can b e examined in turn. Often they will matc h

and so can b e aligned immedia tely , but o ccasionally

the next pair of items will not matc h. A ttempting

to split enclitics, recom bine split comp ounds or al-

tering initial letter case ma y matc h some pairs but

others suc h as the semicolon problem men tioned ear-

lier will require pattern matc hing of the surrounding

text. Occasionally an item in one of the annotations

will matc h with no item in the other; the extra end of

sen tence mark ers in ICE texts b eing a go o d example.

When this happ ens it can only b e disco v ered after

aligning the items on either side of it with neigh b our-

ing items in the other annotated output. The �rst

few lines of the Sp ok en English Corpus when aligned

with the ICE tags of the same text are sho wn �gure

1, ab o v e. The �rst t w o columns are the w ords and

CLA WS tags from the tagged SEC and the remain-

ing column con tains the corresp onding ICE tags.

The Sp ok en English Corpus con tains the short

header: (In Persp e ctive)(R osemary Hil l) . The pro-

cess b y whic h ICE w as annotated excluded headers

suc h as this (they will b e tagged b y hand). As the

header is not included in the ICE annotation of the

text there is nothing to align it to.

Eac h pairing of tags can no w b e coun ted and a

list of corresp ondences made for eac h individual tag

to sho w the probabilities of eac h pair. F or instance

the London-Lund/Bro wn P A C pro duced the list of

London-Lund corresp ondences for the in terrogativ e

wh-determiner tag, WDT , in Bro wn sho wn in �gure

2.

B2deg 2.13%

BHitr 25.53%

WDT x ---> BRwha 4.26%

GAwhi 53.19%

GCwha 14.89%

Figure 2: Correspondences for WDT

The Bro wn tag WDT pairs with the London-Lund

tag GA whi , relativ e pronoun: which , just o v er half

the time in the P A C. The easiest w a y to con v ert

these corresp ondences in to a mapping is to map the

tag in one sc heme alw a ys on to the most common

pairing found in the P A C. Man y tags will ha v e a

1:1 mapping or will pair with one particular tag in

the other sc heme almost all the time. Ho w ev er, the

ab o v e example corresp ondence list illustrates where

mapping the most common pairing will w ork badly .

W e are curren tly in v estigating metho ds of incorp o-

rating the lexicon (whic h could b e extracted from

the corpus samples w e ha v e, or from the P A Cs w e

ha v e built ourselv es) or using the con textual infor-

mation supplied b y the neigh b ouring w ords and tags.

W e also hop e to explore metho ds dev elop ed b y Brill

in whic h texts w ere �rst tagged b y alw a ys select-

ing the most common tag for a w ord, and then the

tag selection re�ned with a set of automatically ex-

tracted rewrite rules, or p atches (Brill 91).



6 Lessons for the EA GLES Initiativ e

Un til recen tly , v ery little e�ort has b een exp ended on

the dev elopmen t of standards in tagging and pars-

ing natural language corp ora. Individual tagging

and parsing sc hemes ha v e b een in v en ted more or less

indep enden tly , and di�er not only in the linguistic

description, but also in the formalism used to la-

b el w ords or represen t tree structures. (Souter 93)

surv eys some of the substan tiv e di�erences b et w een

suc h formalism s for con temp orary parsed corp ora of

English, and illustrates ho w standards are needed to

facilitate the reusabilit y of corpus resources (through

en terprises suc h as the T ext Enco ding Initiativ e),

and to impro v e the general applicabilit y of corpus-

pro cessing soft w are, suc h as the Nijmegen Linguistic

DataBase (v an Halteren and v an den Heuv el 90).

As man y participan ts at the w orkshop will kno w,

EA GLES is a Europ ean initiativ e to devise a set of

common standards for Natural Language Pro cess-

ing tec hnology across the range of Europ ean Union

w orking languages. Of particular relev ance to our

researc h are the standards prop osals for morphosyn-

tactic w ordclasses; a length y draft prop osal (o v er

200 pages) has recen tly b een made a v ailable to EL-

SNET no des and a n um b er of other cen tres of ex-

p ertise for commen t. The prop osals aim to stan-

dardise a set of w ordclasses to b e applied to Dan-

ish, Dutc h, English, F renc h, German, Greek, Italian,

P ortuguese, and Spanish; once (or if ) agreed, the

standards ma y later b e extended to co v er other lan-

guages (e.g. Sw edish, Finnish, Norw egian, Gaelic,

W elsh, Basque, : : : ) Ev en among the curren t EU

main languages, there is considerable div ersit y in

morphosyn tax, so the EA GLES group are to b e con-

gratulated for ac hieving a compromise whic h on the

face of it is largely uncon ten tious. EA GLES rec-

ommends sev eral lev els of re�nemen t or delicacy in

w ordclasses, so that sp eci�c applications and/or lan-

guage mo dels are free to select an appropriate lev el

of tagset gran ularit y . F or example, NOUN is a broad

(lev el 1) category , a general class whic h all language

mo dels m ust recognise; within this, there is a lev el 2

sub division in to prop er nouns and common nouns,

whic h will apply to man y but not all applications

etc. Man y other p ossible w ordclass distinctions are

captured b y features, e.g. n um b er, gender; some of

these do not apply to certain languages (eg gender

of English nouns).

Unfortunately , the divisions b et w een w ord classes

and sub classes are made in terms of examples, and

app eals to linguistic in tuition. This is reasonable

and normal practice in lexicograph y and language

teac hing; but for computational implemen tatio n def-

initions and b oundaries need to b e more clearly sp ec-

i�ed. Otherwise, there is a danger that NLP sys-

tems will adopt w ordclass-demarcations on grounds

of computational tractabilit y , whic h ma y not agree

with the linguistically correct/in tuitiv e de�nition.

W orse still, although linguists agree on the general

"commo n-sense" de�nitions of categories lik e prop er

noun, common noun etc, our analysis of comp eting

tagsets for English corp ora sho ws that these cate-

gories are in fact `fuzzy', and di�eren t corpus tagging

pro jects ha v e adopted subtly but signi�can tly di�er-

en t de�nitions, probably una w are that their analyses

are incompatible with those of other linguists. The

EA GLES recommendations include a call to corpus

tagging pro jects to pro vide their man uals or tagset-

de�nitions along with the �nal tagged corpus, but

w e ha v e found that, to date, tagging pro ject teams

ha v e deemed these `case-la w' handb o oks as `training

in progress statemen ts' not w orth publishing - with

the notable exception of (Johansson et al 86).

Our earlier example of parallel CLA WS/ICE tag-

ging of the Sp ok en English Corpus illustrates the

fuzziness in the distinction b et w een prop er noun and

common noun. In general, a singular prop er noun is

NP in LOB and CLA WS, but N(prop,sing) in ICE.

Ho w ev er, notice that Persp e ctive , the second w ord

in the corpus, is tagged NP . This ma y ha v e b een

b ecause the w ord b egins with a capital, and the tag-

ging system uses this as a deciding criterion (ho w-

ev er, note that the previous w ord, In , escap es this

default NP tagging b ecause English text requires the

�rst w ord of ev ery sen tence to start with a capital, so

the tagging system b y default con v erts this to lo w er

case and tags according to dictionary-lo okup). T o a

linguist, this analysis of Persp e ctive ma y in tuitiv ely

b e an `error; ho w ev er there are no de�nitions within

the EA GLES guidelines whic h rule out suc h coun ter-

in tuitiv e computationally-m oti v ated criteria.

A second example of disagreemen t o v er the prop er

and common noun b oundary is the analysis of R ev-

er end Sun Myung Mo on - in ICE this is tagged

as a prop er-noun sequence (or rather, a com-

p ound prop er-noun single lexical item), but in

LOB/CLA WS, one fuzzy b oundary b et w een com-

mon and prop er nouns is recognised - the area of

titular nouns tagged NPT (for example, R ever end

can start with upp er or lo w er case in m uc h the same

con text, so NPT a v oids con
icting taggings dep end-

ing on the case of the initial letter). F urther ex-

amples ab ound in the parallel corpus; generally the

problem arises from di�erences in the handling of

upp er-case initial letter.

Our conclusion for the EA GLES Initiativ e is that

the morphosyn tactic category prop osals m ust b e fol-

lo w ed up with detailed de�nitions, preferably includ-

ing computable criteria. In the sp eci�c example of

nouns, there m ust b e clear standards on handling of

w ord-initial case. (This is relev an t not only to En-

glish). Otherwise the `standards' will b e in terpreted

di�eren tly (and incompatibly) in di�eren t tagged

corp ora. W e had hop ed that the EA GLES tagset

migh t constitute an `in terlingua' for translating b e-

t w een existing tagsets. Ho w ev er, w e ha v e already

had to conclude that our task of automatic tagset-



mapping extraction can nev er ac hiev e p erfect accu-

racy , as b oth source and target training data are

noisy; using a fuzzy-edged tagset as an in terlingua

could only w orsen matters.
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